Assessing the impact of conservation campaigns is of high importance for optimizing the use of limited resources.
on the number of peer-reviewed articles published on that species in the following years. 47 This is of vital importance as policy-makers and funding agencies rely mostly on scientific 48 reports. We also examined whether the list was an effective communication tool for 49 conservation by analysing media output following the publication of the Top 25 in 2015. 50 2 Methods 51 2.1 Scientific publications 52 We tested the impact of the mention of a species on the Top 25 list on scientific publica-53 tions (see Table A1 in the Online Appendix for all species included, and the year of their 54 mentions). We have included in this analysis a total of 37 species that were mentioned 55 at least once in the Top 25 list from 2000-2002 to 2010-2012 (6 lists overall of 25 primate 56 species each). We excluded species that were mentioned in the lists of 2012-2014 and 57 2014-2016 (as there is not enough post-mention data to assess the impact). Each species 58 was considered separately and included once in the analysis. 59 We used 74 control primate species (see Table A2 in the Online Appendix) that have 60 never been mentioned in any of the Top 25 lists released to account for a possible bias 61 of an overall increase of publications through time. These control species were chosen 62 randomly, with the constraint of being evenly distributed in the 4 biogeographical regions 63 (Africa, Asia, Neotropics and Madagascar). 64 We extracted data from 40 million articles published from 1994 to 2014 in six major 65 scientific publishers (PLOS, BMC, Elsevier, Springer, Nature and Highwire/Pubmed; see 66 Table 1 ). The data were extracted from the publisher databases using custom-written 67 python interfaces to the API they provided. We extracted all articles in which the Latin is the period of time from the first to the last mention in the list. We used the average 79 number of scientific publications of the control species trend as baseline. We also ran 80 the same analysis using only control species that were classified as "threatened" (IUCN, 81 2017) as a control baseline (37 out of 74). This allows us to account for the conservation 82 status of control species which may influence the number of publications.
83
One key assumptions of this analysis is that the set of control time series should be 84 predictive of the outcome time series in the pre-intervention period. In our case, it is 85 fair to assume that a general rise of publication as observed for control species is to 86 be predicted for the species of the Top 25 before their mention in the list. A second 87 assumption is that the control time series must not have been affected by the intervention 88 after inclusion on the Top 25 list. (Table 2) . However, with a post-intervention period of one 149 month, although the intervention appears to have caused a positive effect, this effect is 150 not statistically significant (Figure 2 ).
151
When we considered the keywords associated with the Top 25 list we found that there 152 was a significant effect of the official launch on the use of these keywords in Google News, 153 both considering a post-intervention period of one week and of one month (Table 3) on Google News, Google Blogs and Twitter with a pre-period before the official lunch of one month and a post-intervention period after the official launch of either one month or one week. The absolute average effect is the estimated average causal effect across post-intervention period. The absolute cumulative effect is determined as the difference between the predicted and actual value, i.e., the additional publications following the inclusion in the Top 25 list. The relative effect shows the percentage of increase or decrease following the intervention from the predicted values. All effects are reported with their 95% CI. 
